AETE AL N e 24k 2018 4F 8 H 4 35 555 8 1 Chin J Dig Endosc, August 2018, Vol. 35,No.8

0

BT 7 N TR REBOR e 0 1 i
2 W e 1Y ]

IFA BHA EAHEE HE EZNE KAk IThA Fhw

[WE] B8 WEMGIE—NHT R EE AN R % R B et m R0 S
PUNFIZWOKT, FiE WK BE BT Ak N B b0 S8 R 2 B 2014 47 5 A % 2016 47 12 A 6]
5 1595K BB EIE , Hh AR R 1 0005k, B PR AS I IE KR4 1595k, 1 Gk 4 4495K &%
(o B R LR 768 5K, oA R IR AR K IE R RUR3 68 15K ) FH IR 2 ST BRI (N S, SR I K Rl
A 710 SREMGH TSR I, R FAC4h 4 4 NSRRI E T2, BRGSO R, &8
RIS 2 BORL T T F 0 8 12 W 09 ME B & 89. 4% (635/710) | URRJEE 88. 8% (206/232) | 5+ JiE
89. 7% (429/478) , 455K UL (RIS WrINF 6] 2 (0. 300. 02) s, ¥4k THH LAY 4 2 B ENT, 4ig A&
T 5 P TR P 20 TR ] 700 1 98 132 T LA e o8 (R R 3 R S 3 RO W A S A v h
i B P T O AT SIS T

[X@iR] 2, FWIEE;, ANT8ERE; WY

E£WH . X ARR#IL4TH (81370589)

Artificial intelligence based on deep learning for automatic detection of early gastric cancer Wang
Zhijie™ , Gao Jie, Meng Qiangian, Yang Ting, Wang Zeyuan, Chen Xingchun, Wang Dong, Li Zhaoshen.
* Department of Gastroenterology , Changhai Hospital ,Naval Medical University, Shanghai 200433 ,China
Corresponding author: Wang Dong, Email : dr.dongwang@ qq.com

[ Abstract] Objective To develop and validate a model based on deep learning for automatic
diagnosis of early gastric cancer (EGC) to improve detection and diagnosis of EGC. Methods A total of
5 159 images (including 1 000 images of EGC and 4 159 images of other benign lesions or normal patients )
obtained from May 2014 to December 2016 were collected from endoscopic database in changhai Hospital.
Then 4 449 images were selected randomly for a deep convolutional neural network ( CNN) training, of
which 768 were diagnosed as EGC and 3 681 diagnosed as other benign lesions or normal. The remaining 710
images were used to test the model by comparing with diagnostic results of four endoscopists. Results The
deep learning model showed accuracy of 89.4% (635/710), sensitivity of 88.8% (206/232) and
specificity of 89.7% (429/478) for EGC. The mean time required for diagnosis was 0.30+0.02 s. The
performance of the model was superior to that of four endoscopists. Conclusion The model based on deep
learning has high accuracy, sensitivity and specificity for detecting EGC, which could assist endoscopists in
real-time diagnosis.
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